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Providing effective feedback is central to the development of 

academic writing skills for English as a Foreign Language (EFL) 

learners. This explanatory sequential mixed-methods study 

investigated Vietnamese university students’ perceptions of and 

preferences for ChatGPT, peer, and teacher feedback in writing 

revision. Questionnaire data were collected from 110 third-year 

English majors and followed by semi-structured interviews with 10 

purposively selected participants. Descriptively, teacher feedback 

received the highest composite rating (M = 4.15, SD = 0.49), 

whereas ChatGPT feedback was valued for availability and peer 

feedback for collaboration. Independent-samples t-tests showed no 

statistically significant differences between students with prior 

ChatGPT experience and first-time users across the five composite 

scores (all p > .05). The only significant correlation was between 

feedback preferences and integration/future use (r = .274, p = .004). 

Qualitative findings showed that teacher feedback was trusted 

despite timeliness concerns, ChatGPT was appreciated for 

immediacy but questioned for complex academic tasks, and peer 

feedback was constrained by face-saving concerns. Most 

participants supported combining all three sources and requested 

explicit training. The findings support systematic feedback literacy 

instruction, culturally responsive peer-review training, and guided 

AI use in writing courses. 

 

Introduction 

Writing proficiency in English is essential for academic and professional success, yet it remains 

a major challenge for most Vietnamese EFL learners. Developing writing skills requires not 

only consistent practice but also access to constructive, timely, and pedagogically informed 

feedback. Indeed, feedback is widely recognized as one of the most powerful mechanisms for 

improving writing accuracy, syntactic complexity, and learner confidence (Abdullaev et al., 

2025; Hattie & Timperley, 2007). Traditionally, EFL students have relied on two primary 

sources: teacher feedback and peer feedback to guide their revisions. However, the proliferation 
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of AI-driven writing tools (most notably ChatGPT, a large language model developed by 

OpenAI) has introduced a third on-demand feedback source that offers instant suggestions on 

grammar, vocabulary, coherence, and organization (Mun, 2024; Su et al., 2023). 

Vietnam’s EFL context presents several structural and cultural obstacles to effective feedback 

provision in classrooms. Although English is compulsory across educational levels, large 

classes and inadequate facilities can limit individualized instruction (Nguyen et al., 2015; Pham 

et al., 2020). Cultural norms may also inhibit peer review because learners can interpret direct 

criticism as unfriendly or face-threatening (Bui, 2023; Carson & Nelson, 1996). In addition, 

unequal access to reliable internet, digital libraries, and modern devices means that not all 

students can use AI-based writing tools consistently (Nguyen et al., 2015). Together, these 

conditions may reduce the frequency, timeliness, or candor of feedback available to Vietnamese 

EFL learners. 

Recent research presents a balanced picture of AI-assisted writing feedback. ChatGPT can 

support brainstorming, language checking, engagement, and timely revision (Le & Tran, 2024; 

Mun, 2024; Su et al., 2023), yet learners also question its authority and often verify its 

suggestions with teachers (Abdullaev et al., 2025). Reviews in Vietnamese EFL settings 

similarly identify benefits for personalized learning alongside risks of over-reliance and 

insufficient AI literacy (Pham & Cao, 2025). Experimental evidence further suggests that 

combining automated and teacher feedback may be more productive than relying on either 

source alone (Haddadian, 2024), while broader reviews caution that uncritical dependence on 

AI may undermine transparency and critical thinking (Zhai et al., 2024). 

Although feedback is widely seen as a crucial component of second language writing 

development, most existing studies in the Vietnamese EFL context have examined teacher or 

peer feedback in isolation, often overlooking how learners perceive and integrate multiple 

feedback sources. With the rise of AI-mediated tools such as ChatGPT, a new dimension of 

feedback has emerged, yet empirical research comparing all three sources and exploring how 

Vietnamese students prefer to integrate them remains limited. This gap is particularly 

significant given the cultural norms surrounding communication and critique in Vietnam. The 

present study aims to address this gap by investigating Vietnamese university students’ 

perceptions and preferences across feedback sources, contributing to the development of 

pedagogically sound, culturally sensitive, and technologically informed approaches to writing 

instruction. 

 

Literature review 

Theoretical Framework 

This study is grounded in two complementary theoretical perspectives. First, Vygotsky’s (1978) 

sociocultural theory views learning as mediated through interaction and cultural tools. In 

writing development, teacher, peer, and AI feedback can therefore function as different 

mediational resources, while peer review can support collaborative knowledge construction 

within the Zone of Proximal Development. Second, feedback literacy, as conceptualized by 

Carless and Boud (2018), concerns learners’ capacity to understand, evaluate, and act on 
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feedback. This perspective is especially relevant when students must judge the credibility of 

multiple human and AI sources rather than passively accept corrections. 

Teacher Feedback in EFL Writing 

Teacher feedback is commonly treated as the benchmark in second-language writing because 

students associate it with expertise, clarity, and accountability. Zhang (1995) is retained here as 

a foundational historical benchmark showing a strong preference for teacher response; its 

inclusion is interpreted alongside more recent evidence rather than as a current stand-alone 

account. Studies in Iran, Vietnam, and Saudi Arabia likewise report that learners value teacher 

feedback for content, organization, language guidance, specificity, and encouragement 

(Almanea, 2025; Kazemi et al., 2018; Nhung & Ngan, 2024). However, this perceived authority 

does not remove structural limitations. In large classes, detailed teacher feedback may arrive 

too late to support immediate revision (Pham et al., 2020). The literature, therefore, presents a 

recurring tension between high credibility and limited timeliness. 

Peer Feedback in EFL Writing 

Peer feedback can promote collaborative learning, perspective-taking, and evaluative judgment 

(Hyland & Hyland, 2006; Jacobs et al., 1998; Vygotsky, 1978). Vietnamese university students 

have reported that peer comments can contribute to draft improvement (Dang, 2024), and Ha 

and Ho (2025) found that learners valued peer feedback for contextual depth even when 

automated tools were faster at surface correction. These benefits are not uniform, however. 

Learners may doubt peers’ linguistic competence or avoid direct criticism to protect social 

harmony (Carson & Nelson, 1996; Tsui & Ng, 2000). Similar face-saving concerns have been 

reported in Vietnamese classrooms (Bui, 2023). Thus, peer review offers meaningful 

collaborative value, but its usefulness depends on trust, reviewer preparation, and culturally 

responsive interaction protocols. 

ChatGPT as a Feedback Tool in EFL Writing 

ChatGPT is a generative AI application based on a large language model architecture and can 

respond to prompts about grammar, vocabulary, organization, coherence, and argumentation 

(OpenAI, 2023). In writing contexts, students typically submit a draft or excerpt and request 

feedback on selected dimensions. Because AI output may privilege dominant standard-English 

conventions, it may not always accommodate Vietnamese rhetorical patterns or local academic 

expectations. This concern is particularly relevant in an Expanding Circle context, where 

acceptable language use and rhetorical organization may not map neatly onto Inner Circle 

norms (Kachru, 1985). 

Empirical findings on ChatGPT are positive but qualified. Learners value idea generation, 

lexical support, editing, immediacy, and increased engagement (Meniado et al., 2024; Teng, 

2024). At the same time, they report uncertainty about AI authority, generic responses, limited 

higher-order analysis, and the need to confirm suggestions with teachers (Abdullaev et al., 

2025; Mun, 2024). Pham and Cao’s (2025) review of Vietnamese-context studies likewise 

identifies both personalized support and concerns about over-reliance, academic integrity, and 

insufficient training. Haddadian (2024) found the strongest writing outcomes under an 

integrative feedback condition, which supports a complementary rather than substitutive role 
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for automated feedback. Overall, the evidence suggests that ChatGPT is most useful when 

learners can evaluate its output critically and combine it with human judgment. 

Integrating Multiple Feedback Sources 

Research is increasingly moving from single-source comparisons to studies of how learners 

coordinate multiple feedback sources. Zeevy-Solovey (2024) reported that some EFL learners 

preferred combining teacher and ChatGPT feedback, while Haddadian (2024) found that an 

integrative condition produced stronger outcomes than single-source conditions. These studies 

suggest potential complementarity, but they do not establish that the same combination will be 

optimal across contexts, tasks, or learners. From a feedback-literacy perspective (Carless & 

Boud, 2018), effective integration requires students to assess credibility, identify each source’s 

purpose, and resolve conflicting suggestions. Evidence on how Vietnamese EFL learners 

integrate this and how cultural expectations shape their choices remains limited. The present 

study addresses this gap. 

Research Questions 

This study is guided by the following research questions: 

RQ1: What are Vietnamese EFL students’ perceptions of ChatGPT, peer, and teacher 

feedback in writing revision? 

RQ2: How do Vietnamese EFL students prefer to use and combine these feedback 

sources? 

 

Methods 

Pedagogical Setting & Participants 

The study was conducted during the spring semester of 2024 at a public university in Hanoi, 

Vietnam. Of an initial pool of 114 third-year English majors enrolled in English Writing Skills 

5 (an advanced academic writing course), four students withdrew during the study period, 

yielding a final sample of 110 participants (retention rate: 96.5%). All participants were aged 

between 20 and 22 years (M = 20.80, SD = 0.60). Of these, 78 were female (70.9%), and 32 

were male (29.1%). All had completed at least four prior writing courses and had experience 

receiving feedback from teachers and peers. Eighty-eight participants (80.0%) reported prior 

familiarity with ChatGPT or similar AI writing tools, whereas 22 (20.0%) were first-time users. 

None had received formal training in using AI for academic writing feedback before the study. 

Because this imbalance could introduce positive response bias, the two experience groups were 

compared on all five composite scores. Ethical safeguards included written informed consent, 

voluntary participation, and assurance that participation would not affect course grades. 

Design of the Study 

This study employed an explanatory sequential mixed-methods design (Creswell & Plano 

Clark, 2018). Quantitative questionnaire data were collected and analyzed first. Semi-structured 

interviews were then conducted to explain and elaborate on the survey patterns. The two strands 

were integrated during interpretation, where interview accounts were used to clarify statistical 
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trends and provide contextual explanations. 

Procedure 

The study was organized across ten weeks in three phases. In Phase 1 (Week 1), participants 

attended two 90-minute orientation sessions. The first covered study objectives, procedures, 

and ethical guidelines. The second provided structured training on using ChatGPT-4 for writing 

feedback, including how to formulate effective prompts (e.g., “Please identify grammar errors 

in this paragraph and explain the corrections” or “Please evaluate the logical flow and 

coherence of my argument”), and guidance on recognizing AI limitations and avoiding over-

reliance. Participants were informed that submitting writing to ChatGPT involved sharing their 

text with a third-party commercial platform (OpenAI) and that their data might be used in 

accordance with OpenAI’s data usage policies; informed consent was obtained accordingly. 

Participants also received training in structured peer-review protocols using a standardized 

rubric. In Phase 2 (Weeks 2-8), students completed three writing assignments (250-300 words 

each), including an argumentative essay, a problem-solution essay, and an advantages-

disadvantages essay. Each assignment received feedback from all three sources. Teacher 

feedback was provided by the course instructor using a standardized rubric covering content, 

organization, and language, delivered as tracked comments in Microsoft Word. Peer feedback 

was conducted in supervised, in-class workshops using structured peer-review worksheets. 

ChatGPT feedback was obtained individually using a standardized prompt template:  

“Please review this essay and provide feedback on: (1) grammar and vocabulary errors, 

(2) organisation and paragraph structure, (3) argument development and supporting 

evidence, and (4) overall clarity and coherence. Please be specific and provide 

examples.” 

 A systematic counterbalanced rotation design was implemented across three groups (A, B, C) 

to minimize order effects. The 110 participants were randomly assigned to groups of 

approximately equal size (Group A: n = 37; Group B: n = 37; Group C: n = 36). The order in 

which each group received feedback from the three sources varied systematically across the 

three assignments, following a Latin-square-based counterbalanced schedule (see Table 1 

below). This design ensured that each feedback source appeared in each of the sequential 

positions (first, second, third) across the study period, thereby minimizing primacy or recency 

effects. A minimum interval of two days was maintained between the delivery of successive 

feedback sources to allow students sufficient time to review and reflect on each independently 

before receiving the next. Following receipt of all feedback, students had one week to complete 

the final revised drafts. The final phase, conducted in Weeks 9 and 10, focused on data 

collection. Participants completed the main perception and preference questionnaire, and one 

week later, semi-structured interviews were conducted with a purposively selected subset of 

students to clarify and expand upon the survey findings. 
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Table 1 

Counterbalanced Feedback Rotation Design 

Assignment Group A Group B Group C 

1 Teacher → Peer → 

ChatGPT 

Peer → ChatGPT → 

Teacher 

ChatGPT → Teacher → 

Peer 

2 Peer → ChatGPT → 

Teacher 

ChatGPT → Teacher → 

Peer 

Teacher → Peer → 

ChatGPT 

3 ChatGPT → Teacher → 

Peer 

Teacher → Peer → 

ChatGPT 

Peer → ChatGPT → 

Teacher 

Data collection instruments 

Questionnaire 

The primary quantitative instrument was a 51-item Likert-scale questionnaire (1 = Strongly 

Disagree to 5 = Strongly Agree) adapted and modified from validated instruments in prior 

feedback research (Kazemi et al., 2018; Zeevy-Solovey, 2024; Zhang, 1995). The adapted 

instrument was reviewed by three experienced EFL writing instructors and two applied 

linguistics researchers and piloted with 30 English-major students who were not included in the 

main study. Reliability analysis for the final sample (n = 110) yielded Teacher Feedback 

Perceptions (Q1-Q11, α = .853), Peer Feedback Perceptions (Q12-Q21, α = .900), ChatGPT 

Feedback Perceptions (Q22-Q31, α = .873), Feedback Preferences (Q32-Q42, α = .870), 

Integration & Future Use (Q43-Q51, α = .843), and an overall coefficient of α = .857. Because 

the instrument was multidimensional, the five subscale coefficients were treated as the primary 

evidence of reliability; the overall coefficient was not interpreted as evidence of a single 

construct. The source-specific items were also not fully parallel: some dimensions, such as 

teacher timeliness and peer comfort, were intentionally source-specific. Consequently, cross-

subscale mean ordering was treated as descriptive only. A repeated-measures ANOVA across 

the three source-perception subscales was not used because the non-parallel item sets did not 

operationalize equivalent dimensions and could confound item content with feedback-source 

effects. Inferential analyses were instead limited to within-subscale experience-group 

comparisons and associations among composite scores. 

Semi-Structured Interviews 

Semi-structured interviews were conducted with 10 purposively selected participants. Selection 

criteria were guided by purposive maximum variation sampling and prioritised: (1) diversity in 

English proficiency levels, based on most recent writing course grades; (2) variation in feedback 

preferences as indicated by the questionnaire, encompassing students who strongly preferred 

teacher feedback, those who favoured ChatGPT, and those who expressed integration 

preferences; (3) representation of both typical and atypical questionnaire response patterns to 

capture mainstream and outlier perspectives; and (4) variation in prior AI tool experience, with 

both experienced and first-time ChatGPT users included. The interview protocol comprised 12 

open-ended questions organised into four thematic areas: (1) experiences with each feedback 

type during the study period (3 questions); (2) perceived strengths and limitations of each source 

(3 questions); (3) strategies for integrating multiple feedback sources and resolving conflicting 

suggestions (3 questions); and (4) cultural and contextual factors influencing feedback 
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reception, including Vietnamese educational norms, face-saving concerns, and the role of 

teacher authority (3 questions). The semi-structured format allowed the interviewer to follow a 

consistent set of core questions while using probing follow-up questions as needed to elicit 

elaboration, for example, “Can you give a specific example?” or “Why do you feel that way?”, 

enabling richer, more contextually grounded responses than a fully structured format would 

permit. Interviews were conducted in English or Vietnamese according to participant 

preference, lasted between 25 and 35 minutes, and were conducted via Microsoft Teams or 

Zoom with audio-recording and informed consent. 

Data analysis 

Quantitative questionnaire data were analyzed using IBM SPSS Statistics 26. Item-level 

frequencies, percentages, means (M), and standard deviations (SD) were calculated, and 

internal consistency was assessed separately for the five subscales using Cronbach’s alpha. 

Composite scores were computed as the mean of the retained items within Teacher Feedback 

Perceptions (Q1-Q11), Peer Feedback Perceptions (Q12-Q21), ChatGPT Feedback Perceptions 

(Q22-Q31), Feedback Preferences (Q32-Q42), and Integration & Future Use (Q43-Q51). 

Minimum, maximum, M, and SD were reported for each composite. Independent-samples t-

tests were conducted to compare students with prior ChatGPT experience (n = 88) and first-

time users (n = 22). Levene’s test was examined for homogeneity of variance, and equal-

variances-assumed results were used when p > .05. Two-tailed Pearson correlations examined 

associations among the five composites, with statistical significance evaluated at α = .05. These 

analyses were not interpreted as direct tests that one feedback source was statistically superior 

to another. 

Interview data were analyzed thematically following Braun and Clarke’s (2006) six-phase 

framework. Credibility was enhanced through iterative coding until thematic stability was 

achieved. Finally, qualitative findings were integrated with the quantitative results for 

interpretation. 

 

Findings 

Participant Demographics 

The final sample comprised 110 third-year English majors (78 female, 70.9%; 32 male, 29.1%) 

aged 20-22 (M = 20.80, SD = 0.60), enrolled in an advanced academic writing course at a public 

university in Hanoi, Vietnam. A large majority (n = 88, 80.0%) reported prior experience with 

ChatGPT or similar AI writing tools, while 22 (20.0%) were first-time AI tool users. As noted 

in the methodology, this distribution toward prior AI users may introduce a positive response 

bias in ChatGPT perception data that should be considered when interpreting the findings. 

Research Question 1 

Perceptions of Teacher Feedback 

Table 2 presents descriptive statistics for the eleven teacher-feedback items. The subscale 

demonstrated good internal consistency (α = .853). Item means ranged from 2.98 (Q8: 

timeliness) to 4.58 (Q10: trust in accuracy), and the composite mean was M = 4.15 (SD = 0.49). 
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Table 2 

Descriptive Statistics for Perceptions of Teacher Feedback (n = 110) 

Item M SD 

Q1. Teacher feedback helps me identify errors effectively. 4.33 0.71 

Q2. Teacher feedback provides clear explanations for corrections. 4.10 0.88 

Q3. Teacher feedback helps me understand writing conventions. 4.30 0.67 

Q4. Teacher feedback is reliable and consistent. 4.51 0.59 

Q5. Teacher feedback motivates me to revise my writing. 4.16 0.81 

Q6. Teacher feedback is detailed enough to guide my revision. 3.95 0.93 

Q7. Teacher feedback helps me develop as a writer over time. 4.35 0.71 

Q8. Teacher feedback is delivered in a timely manner. 2.98 1.08 

Q9. Teacher feedback helps me understand academic writing requirements. 4.35 0.67 

Q10. I trust the accuracy of teacher feedback. 4.58 0.56 

Q11. Teacher feedback encourages me to think critically about my writing. 4.06 0.78 

Trust in accuracy received the highest item mean (Q10: M = 4.58, SD = 0.56; 96.4% A/SA), 

followed by perceived reliability and consistency (Q4: M = 4.51, SD = 0.59; 95.5% A/SA). In 

addition, 90.0% agreed or strongly agreed that teacher feedback helped them identify errors 

(Q1: M = 4.33, SD = 0.71), and 92.7% agreed or strongly agreed that it helped them understand 

academic-writing requirements (Q9: M = 4.35, SD = 0.67). 

Interview responses echoed these ratings. Student #1 stated:  

“I always trust my teacher’s feedback completely. When she says something is wrong, I 

know it’s wrong. Her corrections are like... the final word because she has so much 

experience and knowledge about academic writing.”  

Student #3 similarly commented:  

“Teacher feedback is the most reliable. Even if I don’t understand everything immediately, 

I know that if I follow her suggestions, my writing will improve. It’s like having a 

professional guide.” 

Timeliness was the only teacher-feedback item with a mean below 3.00 (Q8: M = 2.98, SD = 

1.08). A total of 31.8% agreed or strongly agreed that teacher feedback was delivered promptly, 

33.7% disagreed or strongly disagreed, and 34.5% selected neutral. Student #6 explained:  

“The problem is waiting. Sometimes I get feedback two weeks later, and by then I’m 

already working on the next assignment. It’s still valuable, but not for immediate 

revision.”  

Student #8 added:  

“I wish teacher feedback came faster. When I’m motivated to revise, I want to do it right 

away, but then I have to wait and sometimes I lose that momentum.” 

Perceptions of Peer Feedback 

Table 3 presents descriptive statistics for the ten peer-feedback items. The subscale 

demonstrated excellent internal consistency (α = .900). Item means ranged from 3.19 (Q15: 

useful suggestions; Q17: comfort receiving peer feedback) to 3.82 (Q18: collaborative 
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environment), and the composite mean was M = 3.54 (SD = 0.65). 

Table 3 

Descriptive Statistics for Perceptions of Peer Feedback (n = 110) 

Item M SD 

Q12. Peer feedback helps me see my writing from different perspectives. 3.75 0.86 

Q13. Peer feedback is honest and constructive. 3.35 0.92 

Q14. Peer feedback helps me identify problems I did not notice myself. 3.62 0.87 

Q15. My peers provide useful suggestions for improvement. 3.19 0.95 

Q16. Peer feedback helps me develop critical evaluation skills. 3.75 0.85 

Q17. I feel comfortable receiving feedback from my classmates. 3.19 1.05 

Q18. Peer feedback creates a collaborative learning environment. 3.82 0.79 

Q19. My peers understand my writing difficulties as fellow learners. 3.79 0.78 

Q20. Peer feedback helps me become more confident in giving feedback. 3.53 0.92 

Q21. Peer feedback sessions improve my overall writing skills. 3.42 0.93 

The strongest peer-feedback ratings concerned collaboration and shared experience. A total of 

74.5% agreed or strongly agreed that peer feedback created a collaborative learning 

environment (Q18: M = 3.82, SD = 0.79), and 75.4% agreed or strongly agreed that peers 

understood their writing difficulties as fellow learners (Q19: M = 3.79, SD = 0.78). Student #5 

explained: 

“Peer feedback makes me feel less alone in writing. We share the same struggles, so 

there’s understanding. Even if the suggestions aren’t always perfect, the support helps.” 

Reservations were strongest for usefulness, honesty, and comfort. Only 38.2% agreed or 

strongly agreed that peers provided useful suggestions (Q15: M = 3.19, SD = 0.95). For honesty 

and constructiveness, 50.0% agreed or strongly agreed, whereas 17.2% disagreed or strongly 

disagreed (Q13: M = 3.35, SD = 0.92). Comfort receiving peer feedback also had a low mean 

(Q17: M = 3.19, SD = 1.05; 43.7% A/SA; 26.4% D/SD). Student #2 stated: 

“In Vietnamese culture, we don’t want to hurt our friends’ feelings by being too critical. 

So, peer feedback is often too gentle, not really helpful for serious improvement. We say 

it’s good even when it’s not.” 

Student #4 added: 

“I feel embarrassed when classmates point out my mistakes. They’re learning too, so why 

should I trust their opinions? But I do like working together and discussing ideas.” 

Perceptions of ChatGPT Feedback 

Table 4 presents descriptive statistics for the ten ChatGPT-feedback items. The subscale 

demonstrated good internal consistency (α = .873). Item means ranged from 3.14 (Q29: 

reliability for academic writing) to 4.53 (Q23: availability), and the composite mean was M = 

3.67 (SD = 0.61). 
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Table 4 

Descriptive Statistics for Perceptions of ChatGPT Feedback (n = 110) 

Item M SD 

Q22. ChatGPT provides accurate grammar and language corrections. 3.65 0.97 

Q23. ChatGPT feedback is available whenever I need it. 4.53 0.66 

Q24. ChatGPT provides consistent feedback quality. 3.69 0.85 

Q25. ChatGPT helps me identify structural problems in my writing. 3.26 1.00 

Q26. ChatGPT feedback is objective and unbiased. 3.85 0.82 

Q27. ChatGPT provides detailed explanations for its suggestions. 3.48 0.95 

Q28. ChatGPT feedback helps improve my writing fluency. 3.51 0.96 

Q29. ChatGPT is reliable for academic writing assistance. 3.14 0.97 

Q30. ChatGPT feedback is easy to understand and implement. 3.82 0.84 

Q31. ChatGPT helps me learn independently. 3.75 0.85 

Availability received the highest rating: 94.5% agreed or strongly agreed that ChatGPT 

feedback was accessible whenever needed (Q23: M = 4.53, SD = 0.66). Student #8 noted: 

“ChatGPT is like having a writing assistant 24/7. At 2 a.m., when I’m stuck on grammar, 

it’s there.” 

Student #9 added: 

“I love that ChatGPT explains grammar rules immediately. It doesn’t judge me like 

humans might.” 

Ease of understanding and implementation was also rated positively (Q30: M = 3.82, SD = 

0.84; 74.6% A/SA). 

Perceived objectivity was another positively rated feature: 74.6% agreed or strongly agreed that 

ChatGPT feedback was objective and unbiased (Q26: M = 3.85, SD = 0.82). The interview 

comments associated this feature with the absence of interpersonal judgement. 

Ratings were lower for higher-order and high-stakes functions. Only 44.6% agreed or strongly 

agreed that ChatGPT helped identify structural problems (Q25: M = 3.26, SD = 1.00). Student 

#10 explained: 

“ChatGPT is good for fixing sentences and vocabulary, but it doesn’t understand my 

argument flow like a human would.” 

Reliability for academic writing received the lowest ChatGPT item mean (Q29: M = 3.14, SD 

= 0.97), with 36.4% agreeing or strongly agreeing and 23.7% disagreeing or strongly 

disagreeing. 

Research Question 2 

Feedback Source Preferences 

Table 5 presents descriptive statistics for the eleven feedback-preference items (α = .870). 

Descriptively, teacher feedback was most strongly preferred for complex and high-stakes tasks, 

ChatGPT for immediate assistance, and peer feedback for collaborative activities. 
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Table 5 

Descriptive Statistics for Feedback Source Preferences (n = 110) 

Item M SD 

Q32. I prefer teacher feedback for complex writing problems. 4.38 0.72 

Q33. I prefer peer feedback for collaborative learning. 3.53 0.92 

Q34. I prefer ChatGPT feedback for immediate assistance. 3.76 0.91 

Q35. I prefer teacher feedback for final draft evaluation. 4.21 0.78 

Q36. I prefer peer feedback for brainstorming and idea development. 3.25 0.98 

Q37. I prefer ChatGPT feedback for grammar and language checking. 3.55 1.00 

Q38. I prefer teacher feedback for academic writing conventions. 4.15 0.84 

Q39. I prefer ChatGPT feedback for multiple draft revisions. 3.35 0.97 

Q40. I prefer teacher feedback for personalised guidance. 3.99 0.92 

Q41. I prefer to choose different sources for different writing tasks. 3.74 0.80 

Q42. I prefer combining multiple feedback sources in my writing. 3.60 0.87 

Teacher feedback received the strongest preference ratings for complex writing problems (Q32: 

M = 4.38, SD = 0.72; 90.0% A/SA), final-draft evaluation (Q35: M = 4.21, SD = 0.78; 83.6% 

A/SA), and academic-writing conventions (Q38: M = 4.15, SD = 0.84; 84.6% A/SA). Student 

#2 stated:  

“Teacher feedback understands what Vietnamese students struggle with, such as articles, 

prepositions, cultural appropriateness in academic tone. ChatGPT sometimes gives 

suggestions that sound too formal or informal for our academic context.”  

Student #4 added:  

“In Vietnam, we respect teacher authority highly. Even if ChatGPT gives different advice 

than the teacher, I’ll always follow the teacher. It’s not just about accuracy, it’s about 

showing respect and understanding our educational culture.” 

ChatGPT was preferred for immediate assistance by 70.0% of respondents (Q34: M = 3.76, SD 

= 0.91) and for grammar and language checking by 59.0% (Q37: M = 3.55, SD = 1.00). Peer 

feedback was preferred for collaborative learning by 58.2% (Q33: M = 3.53, SD = 0.92) and 

for brainstorming by 44.6% (Q36: M = 3.25, SD = 0.98). In addition, 70.0% agreed or strongly 

agreed that they preferred different sources for different tasks (Q41: M = 3.74, SD = 0.80). 

Student #1 described the sequence: 

“First, I use ChatGPT to clean up obvious grammar mistakes. Then I share with peers 

for ideas and encouragement. Finally, I submit to teacher for serious feedback.” 

Student #3 similarly stated: 

“The sources catch different problems.” 
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Integration and Future Use Preferences 

Table 6 

Descriptive Statistics for Integration and Future Use Preferences (n = 110) 

Item M SD 

Q43. Combining all three sources improves writing more than one alone. 3.84 0.84 

Q44. I would like to use ChatGPT regularly in my writing courses. 3.35 0.94 

Q45. I want training on how to use different feedback sources effectively. 4.03 0.64 

Q46. I prefer having a choice in selecting my feedback sources. 3.96 0.69 

Q47. I would recommend using multiple feedback sources to other students. 3.85 0.80 

Q48. Using multiple feedback sources increases my revision motivation. 3.70 0.83 

Q49. Feedback integration skills should be taught in writing courses. 3.96 0.63 

Q50. ChatGPT feedback helps me become more independent as a writer. 3.44 0.93 

Q51. Different feedback sources help me understand different aspects of writing. 4.01 0.60 

Support for integration was strongest for the view that different sources illuminate different 

aspects of writing (Q51: M = 4.01, SD = 0.60; 86.4% A/SA). In addition, 73.7% agreed or 

strongly agreed that combining all three sources improved writing more than one source alone 

(Q43: M = 3.84, SD = 0.84), whereas 6.3% disagreed or strongly disagreed. Student #7 stated: 

“When I get feedback from different sources, I feel like my writing matters more. It’s not 

just one person’s opinion; multiple perspectives make me take revision more seriously.” 

Student #9 described peer feedback as encouraging, ChatGPT as rapid problem-solving 

support, and teacher feedback as guidance for long-term goals. 

Demand for formal training was also high. A total of 84.5% agreed or strongly agreed that they 

wanted instruction in using different feedback sources effectively (Q45: M = 4.03, SD = 0.64), 

and 81.9% agreed or strongly agreed that feedback-integration skills should be taught in writing 

courses (Q49: M = 3.96, SD = 0.63). Student #6 explained: 

“Sometimes, I get conflicting advice and don’t know which to follow. We need guidelines 

on how to prioritise and integrate different feedback types effectively.” 

Overall Subscale Descriptive Statistics and Reliability 

Table 7 

Composite-Score Descriptive Statistics and Internal Consistency (n = 110) 

Subscale Items Minimum Maximum M SD Cronbach’s α 

Teacher Feedback Perceptions 11 2.55 5.00 4.15 0.49 .853 

Peer Feedback Perceptions 10 2.00 4.80 3.54 0.65 .900 

ChatGPT Feedback Perceptions 10 1.90 5.00 3.67 0.61 .873 

Feedback Preferences 11 2.00 4.82 3.77 0.58 .870 

Integration & Future Use 9 2.56 5.00 3.79 0.52 .843 

Note. Composite scores were calculated as item means on the original 1-5 response scale. Cronbach’s 
alpha values indicate good to excellent internal consistency across the five subscales. 

Across the five composite scores, Teacher Feedback Perceptions had the highest descriptive 

mean (M = 4.15, SD = 0.49), followed by Integration & Future Use (M = 3.79, SD = 0.52), 
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Feedback Preferences (M = 3.77, SD = 0.58), ChatGPT Feedback Perceptions (M = 3.67, SD 

= 0.61), and Peer Feedback Perceptions (M = 3.54, SD = 0.65). All subscales demonstrated 

good to excellent internal consistency (α = .843-.900). Because the item sets were not fully 

parallel, this ordering is descriptive and is not an inferential ranking of feedback-source 

superiority. 

Exploratory Inferential Analyses 

Prior ChatGPT Experience and Feedback Perceptions 

Table 8 

Independent-Samples t-Tests by Prior ChatGPT Experience 

Subscale 

First-time 

users 

(n = 22) M 

(SD) 

Prior users 

(n = 88) M 

(SD) 

Levene 

p 
t df p 

95% CI of 

difference 

Teacher Feedback 4.14 (0.54) 4.16 (0.48) .738 -0.18 108 .862 [-.25501, .21369] 

Peer Feedback 3.77 (0.67) 3.48 (0.64) .852 1.89 108 .061 [-.01415, .59370] 

ChatGPT Feedback 3.57 (0.59) 3.69 (0.62) .685 -0.82 108 .414 [-.40790, .16926] 

Feedback Preferences 3.83 (0.50) 3.76 (0.60) .265 0.51 108 .611 [-.20575, .34831] 

Integration & Future 

Use 
3.71 (0.45) 3.81 (0.53) .339 -0.83 108 .410 [-.34751, .14297] 

Note. Group coding: 0 = first-time ChatGPT users; 1 = students with prior ChatGPT experience. 
Mean difference and confidence intervals are based on Group 0 minus Group 1. All Levene’s tests 

were non-significant; therefore, equal variances were assumed. 

Levene’s tests were non-significant for all five composites (p = .265-.852), so equal variances 

were assumed. No statistically significant experience-group differences were found for Teacher 

Feedback, t(108) = -0.18, p = .862; Peer Feedback, t(108) = 1.89, p = .061; ChatGPT Feedback, 

t(108) = -0.82, p = .414; Feedback Preferences, t(108) = 0.51, p = .611; or Integration & Future 

Use, t(108) = -0.83, p = .410. First-time users had a higher descriptive peer-feedback mean than 

prior users (3.77 vs. 3.48), but the difference did not meet the .05 criterion. 

Associations Among Composite Scores 

Table 9 

Pearson Correlations Among Composite Scores (n = 110) 

Variable 1 2 3 4 5 

1. Teacher Feedback 1     

2. Peer Feedback .129 (.179) 1    

3. ChatGPT Feedback .017 (.864) .140 (.144) 1   

4. Feedback Preferences .015 (.875) .006 (.947) .004 (.964) 1  

5. Integration & Future Use .145 (.131) .051 (.597) .119 (.217) .274** (.004) 1 

Note. Values are Pearson’s r, with two-tailed p values in parentheses. ** p < .01. 

The only statistically significant association was between Feedback Preferences and Integration 

& Future Use, r = .274, p = .004. All other correlations were weak and non-significant (|r| 

= .004-.145, p = .131-.964). These results are interpreted as associations among partly distinct 
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constructs rather than evidence that perceptions of one feedback source caused perceptions of 

another. 

 

Discussion  

This study examined how participants at one Vietnamese university perceived teacher, peer, and 

ChatGPT feedback and how they preferred to combine these sources during writing revision. 

The discussion interprets the quantitative and qualitative findings together while limiting claims 

to this sample and instructional context. 

Teacher Feedback: Authority, Trust, and Timeliness 

Among these participants, teacher feedback was the most trusted source for accuracy, reliability, 

and developmental guidance, which is consistent with research across several EFL settings 

(Almanea, 2025; Kazemi et al., 2018; Nhung & Ngan, 2024; Zhang, 1995). From a feedback-

literacy perspective, credibility supports learners’ willingness to act on comments (Carless & 

Boud, 2018). The interview references to teacher comments as “the final word” also suggest 

that trust was partly shaped by local expectations of teacher authority (Bui, 2023). In this 

context, such deference may facilitate uptake but may also reduce opportunities for students to 

evaluate feedback independently. 

Timeliness was the clearest limitation of teacher feedback. When comments arrived after 

students had begun another assignment, their immediate revision value and motivational effect 

were reduced. This pattern is consistent with workload constraints reported in large-class 

settings (Pham et al., 2020). The contrast between delayed teacher response and ChatGPT’s 

availability suggests that rapid formative support addresses a genuine need, although speed 

should not be treated as a substitute for expert judgment. 

Peer Feedback: Collaborative Value and Cultural Constraints 

Peer feedback had an ambivalent role in this setting. Participants valued shared experience, 

collaboration, and encouragement, which accords with sociocultural accounts of learning 

(Vygotsky, 1978). However, usefulness, candor, and comfort were rated less strongly. The 

interview data connected these limitations to concerns about hurting classmates’ feelings and 

doubts about peer expertise. This pattern is compatible with prior accounts of face-saving and 

cautious peer interaction (Bui, 2023; Carson & Nelson, 1996), but it should not be read as an 

inherent cultural inability to conduct peer review. Findings from Dang (2024) and Ha and Ho 

(2025) indicate that Vietnamese learners can value peer responses when they are structured and 

contextually meaningful. Reviewer training and clear criteria may therefore be as important as 

cultural norms. 

The perceived objectivity of ChatGPT may be particularly relevant in a face-sensitive 

classroom. Because an AI system is not a classmate whose feelings must be protected, some 

participants experienced its directness as socially safer. This is an interpretive inference rather 

than a tested causal mechanism, but it is consistent with reports that learners can experience AI 

feedback as non-judgemental and psychologically accessible (Abdullaev et al., 2025). Future 

studies should directly examine whether anonymity or non-human delivery changes the candor 
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and uptake of feedback. 

ChatGPT Feedback: Efficiency, Limits, and Learner Autonomy 

Participants distinguished between ChatGPT’s lower-order strengths and its higher-order 

limitations. Availability, objectivity, and ease of use were strongly endorsed, whereas structural 

analysis and academic reliability received more cautious ratings. This pattern aligns with Mun 

(2024), Pham and Cao (2025), and Su et al. (2023). At the same time, other studies report greater 

confidence, motivation, and engagement when learners use ChatGPT to provide writing 

feedback (Meniado et al., 2024; Teng, 2024). The lower academic-reliability rating in the 

present sample may reflect the complexity of the tasks, the standardized prompt, or expectations 

of teacher authority. It, therefore, should not be generalized as evidence that EFL learners 

broadly distrust AI. 

Feedback Integration and Feedback Literacy 

Most participants favored a complementary model in which ChatGPT supported rapid surface-

level revision, peers contributed perspectives and encouragement, and teachers guided 

academic judgment. This sequencing reflects an emerging capacity to match sources to 

purposes, a central element of feedback literacy (Carless & Boud, 2018). The preference is 

consistent with Haddadian’s (2024) integrative condition and with Zeevy-Solovey’s (2024) 

evidence that learners may combine teacher and AI feedback. Nevertheless, the present study 

measured perceptions rather than writing gains, so it cannot establish that the preferred 

sequence was more effective than other arrangements. 

The strong demand for instruction indicates that preference alone is not sufficient. Participants 

described uncertainty when sources conflicted, suggesting that they need explicit strategies for 

checking evidence, prioritizing task criteria, and deciding when teacher confirmation is 

necessary. Feedback literacy and AI literacy should therefore be taught as linked practices rather 

than as separate technical skills. 

Prior AI Experience and Relationships Among Feedback Constructs 

The inferential analyses qualify concerns about the imbalance in prior AI experience. No 

significant differences were detected between prior users and first-time users on any of the five 

composites, so the principal perception patterns were not statistically distinguishable by 

experience group in this sample. However, the unequal group sizes (88 versus 22) reduce 

confidence in interpreting non-significance as equivalence. The small positive correlation 

between Feedback Preferences and Integration & Future Use (r = .274, p = .004) suggests that 

stronger source-selection preferences were associated with greater support for continued 

integration. The remaining correlations were weak, and the non-parallel subscales preclude 

interpreting their descriptive means as direct source-comparison tests. 

Limitations 

Several limitations should guide interpretation. First, the sample comprised third-year English 

majors at one public university, so the findings may not transfer to other proficiency levels, 

disciplines, institutions, or under-resourced settings. Second, the study relied primarily on self-

reported perceptions and did not test whether preferred feedback sequences led to better 
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revisions or higher writing scores. Third, 80.0% of participants had prior ChatGPT experience, 

and the experience groups were unequal in size (88 versus 22); the non-significant t-tests 

therefore do not demonstrate equivalence. Fourth, the source-specific questionnaire items were 

not fully parallel, which prevented a valid repeated-measures comparison of feedback-source 

means. Fifth, all participants used one standardized ChatGPT prompt. This improved 

procedural consistency but did not capture the iterative prompting, clarification, and prompt 

refinement typical of real-world AI use; the findings, therefore, reflect responses to a single 

scaffolded prompt rather than the full range of possible ChatGPT interactions. Finally, the 

correlations were cross-sectional and cannot establish causal relationships. 

 

Conclusion 

In this university context, participants trusted teacher feedback most for complex and high-

stakes writing, valued peer feedback for collaboration, and valued ChatGPT for immediate 

access and surface-level support. Teacher timeliness and peer-review candor remained 

concerns, while confidence in ChatGPT decreased for structural and academic judgments. The 

experience-group comparisons were non-significant across all five composites, and the only 

significant cross-subscale association was between Feedback Preferences and Integration & 

Future Use (r = .274, p = .004). Taken together, the findings support a carefully guided multi-

source model rather than the replacement of human feedback by AI. 

Pedagogical Implications 

Writing courses can operationalize this model through a staged workflow: ChatGPT for initial 

language checking, structured peer review for perspectives and idea development, and teacher 

feedback for disciplinary conventions and final academic judgment. Peer-review training 

should include calibrated examples, clear rubrics, and face-sensitive language for constructive 

critique. AI-literacy instruction should teach students to formulate prompts, verify claims, 

compare conflicting suggestions with task criteria, and recognize when teacher confirmation is 

needed. To address timeliness, instructors can use staggered submissions, focused feedback 

cycles, and rapid formative comments while reserving detailed teacher response for higher-

order concerns. Feedback integration should be included explicitly in course objectives and 

assessment guidance. 

Future Research 

Future research should use longitudinal and cross-institutional designs, include more balanced 

groups of prior experience, and examine actual draft changes alongside self-reported 

perceptions. Experimental studies could compare standardized and iterative prompting, test 

alternative feedback sequences, and evaluate whether structured feedback-literacy instruction 

improves revision quality, learner autonomy, and the resolution of conflicting feedback. 
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